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Analyza a prakticke zkusenosti
se SLAM mobilnimi
skenovacimi technologiemi

v ruznorodych prostredich

Lukas Beéloch

Ondrej Gresla



Staticke skenery vs SLAM

TLS =25 min C Rychlost SLAM = 2min 30sec

« Stiny

Tmm , . _ 5mm/2mm

« Skenovani za provozu
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Anglicka 23
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CAD data
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Velikost vykresleni bodu: .

Vybér polygonu:

Vybrat v Zrusit vybér Vydistit
Smazat vybrané Smazat jiné Manipulovat body «
Vrétit
Nastroje:
Klasifikace Vypoditat profil

Generovat CAD body Méfeni

Zredukovat mragno bodd X-ray
Manualni registrace Automaticka registrace
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TerraScan
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Individual-tree isolator (ground LiDAR) n]
\’—$' . R .
Trmavy potok reelso Plugin Instruction
A graph-based tree point cloud isolator I
Reference

Xi, Z.:; Hopkinson, C. 3D Graph-Based Individual-Tree

Initial segmentation Interim segmentation Refined segmentation

1. 3D Cut-pursuit algorithm

This step takes a bit long time, please be patient.
It will create small clusters with natural breaks.

K: Nearest neighbors to search

5 -

A: Regularization strength

1.00 S
Decimated resolution (m) to speed up
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Training Loss over Epochs
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